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1. Xiao, Lei, et al. 2020 "Neural supersampling for real-time rendering."
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(ExtraNet1, IFRNet2 , etc.)

1. Guo, Jie, et al 2021. "Extranet: Real-time extrapolated rendering for low-latency temporal supersamplingΦά
2. Kong, Lingtong, et al. 2022 "Ifrnet: Intermediate feature refine network for efficient frame interpolation."
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G-buffer Guided Warping
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Warping
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1. Zeng, Zheng, et al. 2021 "Temporally Reliable Motion Vectors for Realṱtime Ray Tracing."
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G-buffer Guided Warping
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