Triplane Meets Gaussian Splatting
VAST

L=
A



Al %
NESFE

E R

FlAIT

REE:



R

A E ST %

i
Q

=AY




3D AIGC F7R

Voxel SDF/ Gaussian
Mesh Grid UDE DMTet NerF Splatting
_ Depth/ Flexi .
=1
R Octree Normal Cubes Triplane

W AR R

e f7fif B gk




Triplane Meets Gaussian Splatting:
Fast and Generalizable Single-View 3D Reconstruction with Transformers
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3D Representation && Rendering

Triplane Volume Rendering 3D Gaussian Splatting
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* Fast Rendering with Rasterization
* High Rendering Quality for Scene-specific Optimization

Scenario
* Generalizability ?
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Why Triplane-Gaussian?

* Better generalizability and easier to train
* Better texture benefit from projection feature by explicit geometry
* Support fast and high-resolution rendering by leveraging Gaussian Splatting
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Overview
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Comparison on GSO







More Results on GSO







Results from Generated Images







Limitations & & Future works

* Limitations:
* Rely on the 1nitial geometry quality
* Backside tends to be blurry

* Future works
 Diffusion model based on Triplane-Gaussian representation
* Larger training dataset
* Higher image resolution
* More feature interaction between point cloud decoder and triplane decoder
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