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(a) Input (b) LRCP (c) ExpandNet (d) HDRNet (e) 3DLUT (f) Ours
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DMPHN [23
Methods MSResNet [19] | SRN [48] | DeblurGAN-v2 [46] | gy {1_[2_ 4]_8) EDVR [26] | CDVD-TSP [24] | STFAN [22] | Ours
0P PSNR 28.45 30.10 29.55 31.20/30.25 26.87 31.67 28.63 31.45
GoPro [19] SSIM 0917 0.932 0.934 0.945/0.935 0.843 0.928 0.863 0.923
Time (ms) 747.8 731.7 293.6 1029.3/30.9 384.6 4216.6 150.4 25.3
0P PSNR 28.98 29.10 2854 30.47/29.91 30.27 32.13 31.24 32.25
DVD [25] SSIM 0.885 0.899 0.925 0.881/0.866 0917 0.927 0.934 0.940
- Time (ms) 775.8 783.6 3122 987.9/30.4 2892 4098.2 1772 27.6
0P PSNR 26.49 25.40 2561 25.18/25.06 30.63* 26.29 25.49 27.96
REDS [33] SSIM 0.742 0.734 0.731 0.724/0.724 0.850* 0.774 0.719 0.827
Time (ms) 802.6 823.3 350.8 1069.9/29.3 3257 3765.6 155.7 26.9
-~ PSNR 27.70 28.81 28.75 28.29/27.94 26.42 28.64 28.23 29.03
Slow-Flow [35] SSIM 0.817 0.827 0.817 0.813/0.807 0.797 0.830 0.825 0.834
Time (ms) 2303.5 2677.1 833.6 3589.6/58.9 1302.7 74915 326.0 38.5
1K PSNR 25.81 2558 25.64 24.99/24.91 26.36 26.43 26.14 28.21
AKRD SSIM 0.778 0.759 0.763 0.757/0.748 0.803 0.793 0.800 0.849
Time (ms) 7543.4 8723.3 32834 10378.1/399.4 24281 26922.9 953.2 57.9
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(g) DeblurGAN- 2 [46]

() EDVR [26] (h) CDVD- TSP [24]7 (i) STFAN [22]
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